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keywords: “police-Jinju,” “hospital-admission,

“family-mind,” “woman-school,” and “disabled-facilities.”
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Results: Frequency analysis showed that keywords such as “police,
ment,” “lethal weapon,” “treatment,” “Jinju,” and “residents” were frequently mentioned in news articles on schizophrenia. Within
the article text, many of these keywords were highly correlated with the term “schizophrenia” and were also interconnected with
each other in the co-occurrence network. The latent Dirichlet allocation model presented 10 topics comprising a combination of
research-finding,

Objectives: In this study, we conducted an exploratory analysis of the current media trends on schizophrenia using text-mining

Methods: First, web-crawling techniques extracted text data from 575 news articles in10 major newspapers between 2018 and
2019, which were selected by searching “schizophrenia” in the Naver News. We had developed document-term matrix (DTM) and/
or term-document matrix (TDM) through pre-processing techniques. Through the use of DTM and TDM, frequency analysis, co-
occurrence network analysis, and topic model analysis were conducted.
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care-center,” “schizophrenia-symptom,” “society-issue,”

Conclusion: The results of the present study highlight that in recent years, the media has been reporting violence in patients with
schizophrenia, thereby raising an important issue of hospitalization and community management of patients with schizophrenia.

Key Words: Media - News - Schizophrenia - Text-mining - Violence.
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Table 1. News articles on schizophrenia from 10 major newspa-
persin 2018 and 2019

Number of articles

Newspapers

2018 2019 Total

il 31 70 101

BEFANE 21 41 62

Fotdw 16 43 59

A &AL 16 43 59

ZAYR 14 44 58

IR 15 41 56

frac 15 41 56

kA 8 41 49

AALE 12 30 42

Eac Lt 0 33 33

Total 148 427 575
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Fig. 1. A word cloud featuring “schizophrenia” from major news-
papers in 2018 and 2019.
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Table 2. Top 20 frequently occurring words based on term fre-
quency-inverse document frequency (TF-IDF)

Rank Word TF-IDF* Rank Word TF-IDF*
1 ks 8.38 1 He 3.62
2 g4t 5.78 12 R\l 3.54
3 4 4.79 13 e 3.48
4 3zt 4.78 14 At 3.47
5 Hay 4.51 15 Ho 3.46
6 ol E 4.45 16 A4l 3.44
7 71 4.30 17 EES 3.44
8 = 427 18 43| 3.14
9 zE 3.86 19 g 3.08

10 =l 3.86 20 4 3.04
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Fig. 2. Co-occurrence network of 20 keywords based on term frequency-inverse document frequency (TF-IDF).
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Table 3. Ten topics from latent Dirichlet allocation model within news articles on schizophrenia
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